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Indeterminate Direction Query Based on Vague Set
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Abstract: The authors discuss the uncertainty in defining direction relationships and propose the uncertain di-—

rection of the relational model of Vague sets. Using the direction of the relationship between Vague sets matrix we al—

so analyze the uncertainty attached to spatial objects with the direction of the relationship between the degrees. Then

the paper discusses the spatial object and its MBR mapping relations between the directions of the predicate and puts

forward the boundary between the uncertain direction of the object instances of queries and algorithms. The results

show that using Vague sets to represent the uncertainty region to reflect the intersection of the maximum ( minimum)

level is more precise than fuzzy sets. Uncertain query is more in line with the psychological characteristics of human

mind.
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C S te =min( ¢, t;) 1-f,=
min( 1 -f, 1 -f;) =1-max(f, f).
4) . C A B C=AUB
Vague ’ C . te=max(t, ty) 1—f,=
max( 1 —f; 1-f;) =1 -min(f, fp).
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2 A =(ay) .. a; ta;
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A Vague E OF OE UE OU UU
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MBR if D(A, B,) UD(A, B,) UD (A, B,) UD
(A, B,) =D(A B)
ids. Vague then 1 — f(x) =1 —min(f(1) f(2)
A3) f4))
Vague return D(A B) = t(x) 1-fAx) }//
A B
D(A B)
1 A, X A ={false a little bit somewhat slight—
ly quite mostly nearly completely true};
R P do case
9 X. Northeast( A B)
A
ids. if A Northeast(A B) =0

Search( X P) {
If P is non - leaf node then
Let{ E, =RECT(P,) P,li=1 -+ k} be the en-
tries in P such that RECT( P;) N X #¢.
If (£>0) then
For each entry E,; found above Search ( X N
RECT( P,) P))
If P is a leaf node then
For all entries in P whose MBR’ s overlap

with or contain in X return their object ids.

}
A,

MBR
B

B A Northeast

A
ANortheast (A B) .
2 ANortheast

: A B Membership
grade ={1(x) (x=1234) 1 -fx)(x=1234)}.
B A true
ANortheast;
false-Northeast.
Begin
ANortheast (A B) {
2 H(x)(x=1234) 1-f{x)(x=
123 4)
if D(A, B,)) ND(A, B,) "D (A, B,) N
D(A, B,) =D(A B)

then ¢(x) =min( (1) ¢(2) ¢(3) ¢(4))

return false-Northeast
if A Northeast(A B) C 0 0.1
return a little bit-Northeast

if A Northeast(A B) =1
return true-Northeast

end case

end ANortheast( A B)
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